The paper examines value and momentum effects in 18 emerging stock markets. Using stock level data from January 1990 to December 2011, we find strong evidence for value and momentum in all emerging regions, except Eastern Europe (no momentum). We investigate size patterns in value and momentum. We form portfolios sorted on size and B/M and size and lagged momentum and use the CAPM, the three-factor model and the four-factor model to explain these portfolio returns using factors constructed using local, US, or aggregate global developed stock markets data. Local factors perform much better which indicates emerging market segmentation.
are larger than US (0.30%) and the Global Developed (0.40%). Turning to momentum, we find momentum premia in all of the emerging regions, except Eastern Europe. Considering broader markets with small and big stocks together, the monthly point estimates are 0.93%, 0.96%, and 0.86% for Asia, Latin America, and the All-Emerging region. And these point estimates are all statistically significant and larger than the momentum premia in US (0.55%) and in the Global Developed (0.66%) region.
Second, we explore the size patterns in value and momentum premia. We find that in all of the four emerging markets, the value premia point estimates are similar for big and small stocks, both in magnitude and in statistical significance. This result contrasts with the US and the Global Developed region results. Because in US and Global Developed regions, the small stock value premium is much larger than the big stock value premium; and while small stock premium is statistically significant, big stock premium is not. The importance of this result is that an investor pursuing a value strategy in emerging markets can as well implement the strategy on the big stock universe and reap similar returns while at the same time taking advantage of higher liquidity and depth typically associated with big stocks.
In US and the Global Developed region on the other hand, there is a tradeoff. Turning to the size patterns in momentum premia, in all of the three emerging regions for which we actually find momentum, small stock momentum premia is larger than the big stock premia.
Moreover almost always, the small stock premia is significant while the big stock premia is not. And the US and the Global Developed region have the same pattern: small stock momentum premia is larger and statistically significant; big stock premia is smaller and not significant. 4 markets. Asness, Moskowitz, and Pedersen (2009) report negative correlations between value and momentum returns in US and several developed markets they consider. We find the same negative correlations between the value and the momentum returns in all of our four emerging regions. The implication is that a simple equal-weight portfolio of emerging value and momentum returns can lead to higher Sharpe ratios, and lower volatilities: a significant benefit because emerging market value or momentum strategies have higher volatilities than US or the Developed Global region.
Lastly, we turn to the results of our asset pricing tests. The RHS portfolios are either the 25 size and BM or the size and lagged momentum double sorted cross-sections constructed using the stock market data of the region: Asia, Latin America, Eastern Europe, and the All-Emerging region. We explain the RHS returns, using either local factors or factors constructed from US or the Global Developed region data. The asset pricing model can be the CAPM, the three-factor model or the four factor model. There are two ways to look at model performance: economic and through the lens of particular formal statistical tests.
From an economic point of view, to explain local cross-sections using US or Global Developed factors turns out to be a futile exercise. Because, almost always, the intercepts are a lot larger in magnitude and the R 2 s are much lower relative to using local factors. Moreover, in the language of Gibbons, Ross, and Shanken (1989) , GRS, and Lewellen, Nagel, and Shanken (2010) the Sharpe ratios left unexplained by the model are substantially higher using US or Global Developed factors rather than local. This finding provides new evidence about the degree of emerging market segmentation.
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Turning to our statistical results, and focusing on the size and B/M cross-sections, the GRS test statistic p-values are always less than 5% leading to strong formal rejections of the models. Additional Generalized Method of Moments, GMM-, based tests also strongly reject. The advantage of the GMM tests is that the results are robust to the realistic features of emerging market data such as non-normality, skewness, heteroscedasticity, and autocorrelations (see for example Harvey, 1995, and Bekaert and Harvey, 1997) . Finally, focusing on the size and momentum cross-section, the formal tests have less power relative to the size and B/M cross-sections. In fact, the four-factor model using local factors is not rejected for Asia and the All-Emerging region using GRS or GMM. Moreover, many models survive using US or Global Developed factors. However, the economic performance of the models using US and the Global Developed factors are considerably inferior relative to using local factors.
Throughout the paper, we always work with returns expressed in US dollars. This is a potential issue for our results, which the paper shares with the related literature focusing on asset pricing in developed markets, especially if the purchasing power parity does not hold or if in fact the LHS portfolios considered are correlated with the exchange rate risks (see for example, Solnik, 1974, Dumas and Solnik, 1995) .
The paper is organized as follows. Section 2 discusses the methodology, Section 3 describes the data and variables. Section 4 discusses summary statistics for returns and asset pricing tests. Section 5 concludes.
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We evaluate the CAPM, which uses the market return as it's single factor, the Fama and French (1993) three-factor model, and the Carhart (1997) four-factor model.
Capital Asset Pricing Model (CAPM) of Sharpe (1964) and Lintner (1965) is given by,
(1)
To capture the cross-section of expected returns in the US stock market associated with size and B/M characteristics, Fama and French (1993) proposes a three factor model,
Carhart (1997) four-factor model uses an additional momentum factor in addition to the Fama and French Model.
In regression equations above, R i,t is the return on portfolio i for month t, RF t is the risk-free rate, RM t is the market return, SM B t is the difference between returns on diversified portfolios of small and big stocks, and HM L t is the difference between the returns on diversified portfolios of high B/M stocks and low B/M stocks. Finally, W M L t is the difference between the returns on diversified portfolios of the winners and losers of the past year.
Following the literature, we use the Gibbons, Ross, and Shanken (1989) test statistic to 7 evaluate model performance. The statistic is given by;
where T is the sample size, N is the number of LHS portfolios, L is the number of RHS factors,â is a vector of regression intercepts,Σ is the residual covariance matrix in the sample, and finallyΩ is the sample covariance matrix of the RHS factors. The statistic, under the null hypothesis of all regression intercepts are zero, has an F distribution with N and T-N-L degrees of freedom. While convenient to calculate and has an exact distribution in finite sample, the statistic makes the strong assumption that errors are i.i.d. and normally distributed.
To address the concern for non-normal and serially auto-correlated errors, we also use a GMM-based test statistic to evaluate the models. As before, the model parameter point estimates are obtained by running individual OLS (Ordinary Least Squares) regressions
Consider the error vector g T defined by,
where e t denotes the time-t regression errors stacked into an N by 1 vector, .× denotes the 8 element by element multiplication, and finally u t denotes the GMM residuals.
We can construct the jacobian of the error vector, D, where we first differentiate first with respect to the a's (from a 1 to a N ), then similarly the b's, the s's, the h's, and finally the w's. In particular,
where f 1,t , f 2,t , f 3,t , and f 4,t correspond to
is simply the sample mean of f i,t × f j,t . I N ×N denotes an N by N identity matrix and ⊗ denotes the kronecker product. Let S denote the spectral density of the residuals, u t . Then, following the Newey and West (1987) procedure, a sample estimateŜ can be constructed as,
where k is the number of lags after which the errors are assumed uncorrelated. We can then estimate, the covariance matrix of the parameters, V , as follows: Consider an error vector, g T defined as;
where µ m and µ n are the respective means of R 
Data and Variables
Our stock level data for all of the 18 emerging countries we use comes from Datastream. The sample period is from January 1990 to December 2011. All our returns are in U.S. dollars and monthly excess returns are returns in excess of the one-month U.S. Treasury bill rate.
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To ensure a reasonable number of stocks in our portfolios, we combine our 18 emerging countries into four regions, defined by the MSCI conventions. Our first region is Asia, which includes a total of eight emerging countries: China, India, Indonesia, South Korea, Malaysia, Philippines, Taiwan, and finally, Thailand. The second region is Latin America, which consists of Argentina, Brazil, Chile, Colombia, and Mexico. Our third region is Eastern Europe, which includes Czech Republic, Hungary, Russia, Poland, and Turkey. We consider a fourth region, All-Emerging, which includes all of the 18 emerging countries together. To test for market integration, we also need US and the Global Developed factor and LHS portfolio data, all available from Ken French's website.
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Our data appears to provide a comprehensive coverage of the stock universes in these regions. In Table 1 , we report that the mean sample size is more than 4000 firms in our Asian sample, close to 800 in our Latin American sample and more than 400 in our Eastern
Europe sample The mean firm size is close to $108 million dollars in Asia, $165 million in Latin America, and about $86 million in Eastern Europe. The mean book equity to market equity is about 0.70 regardless of the region. These values are representative for a typical firm because the mean values are taken over the years from 1991 to 2011, whereas each yearly value comes from taking the median of the cross-section of firms.
Calculation of Asset Pricing Factors
We consider four factors which we use as explanatory variables in our asset pricing regressions. These factors, are the market factor, the SMB (small minus big) factor, the HML (high minus low) factor, and finally the momentum (WML) factor. The US and the Developed stock universe is to prevent the sorts to be driven by the characteristics of many tiny stocks.
For our last region, All-Emerging, the factors are calculated similarly to the above procedure but, as in Fama and French (2011) , with the exception that the B/M or Momentum break points are come regionally to mitigate any effects of differences in accounting rules across the regions. In particular, all stocks of the entire set of 18 countries are sorted across the market capitalization and the largest market capitalization stocks which constitute 90% of the total market capitalization are classified as big stocks. The remaining stocks are small stocks. To classify stocks in to Value, Neutral, or Growth categories, we use the same classification that would result from the procedure described for calculating factors for individual regions; Asia, Latin America and Eastern Europe, above. In particular, focusing on the largest stocks of the region constituting 90% of the regions total market cap, we determine the usual bottom 30% (growth), middle 40% (neutral), and top 30% (value) breakpoints for B/M and apply these B/M breakpoints to all of the region's stocks. Intersecting the size 13 classification, which is made for all the three regions combined, with the B/M classification that which is made region-specific, allows us to sort the entire universe of emerging stocks in to 6 value-weight portfolios, SG, SN, SV, BG, BN, and BV. These six portfolios are then used to calculate the HML factor for the All-Emerging region. Calculation of the All-Emerging WML factor is identical to the All-Emerging HML factor calculation, except that B/M ratio takes the place of past return.
Calculation of LHS Returns
We work with 25 portfolios based on 5x5 sorts on size and B/M or size and momentum and use these portfolios as the LHS in our asset pricing tests. These LHS portfolios are calculated for each of the four regions. Following the literature, the B/M sorts are made based on the value of this ratio 6-months before the date of the portfolio sorts. The momentum sorts are based on the cumulative returns between t-12 and t-2 returns.
The calculation of the portfolios follow Fama and French (2011) closely with only a slight modification. The modification is geared towards adapting the procedure they describe for developed markets to the case of emerging markets where the market capitalizations are significantly smaller. Fama and French make sure that for the developed regions they consider, the size breakpoints roughly correspond to the quintile values of NYSE stocks. For emerging markets, the NYSE size quintile values can be simply too large, leaving only a very small number of firms in the top size quintile. For remedy this issue, we adopt a market share based approach.
The objective of this approach is to make sure that each month, our five size groups in 14 a region, roughly have the same shares of the total regional market capitalization as the US (NYSE, AMEX, and NASDAQ stocks) size groups do based on sorts on the NYSE quintile size break points, as described in French (1993, 1996) . We define our target quintile weights as the monthly market shares of US size quintiles, based on the NYSE size break points.
For each of Asia, Latin America, and Eastern Europe, we sort stocks based on market capitalization, and choose the break points such that the market shares of each size quintile is closest to the month's target quintile weights. Next, based on the big stocks in the region, we calculate the 20, 40, 60, and 80 percentile B/M breakpoints. Big stocks are defined to be the largest market capitalization stocks in the region which constitute a certain share of the total market capitalization in the region. The share is the same as the market share of US stocks larger than the NYSE median in total US market capitalization for that month. The two independent sorts, allow us to place all stocks in the region into one of 25 value-weighted size-B/M portfolios. Calculation of the 25 size-momentum portfolios is identical, except that lagged momentum return takes the place of B/M.
For the All-Emerging region, when forming the size quintiles, we follow the same procedure as the individual regions. In particular, we sort the entire set of stocks in all of the 18 countries based on market capitalization and choose the break points such that the market shares of each size quintile is closest to the month's target quintile weights. However, the B/M and momentum breakpoints are region specific. To calculate region specific B/M breakpoints, calculate the 20%, 40%, 60%, and 80% percentile values of B/M for the largest regional stocks which constitute the a certain share of the regional market. The share is the 15 same as the market share of US stocks larger than the NYSE median in total US market capitalization for that month. Intersecting the size sorts that come from all 18 countries taken together, and the B/M sorts that are region specific, we place all stocks in the 18 countries into one of the 25 value-weighted size-B/M portfolios. Calculation of the 25 size-momentum portfolios is identical, except that past return takes the place of B/M. Turning to the value effect calculated for small stocks (HML S ) and big stocks (HML B )
Results

Factor Returns
separately, both small and big stock value premia are almost always statistically significant and moreover the values appear similar for all emerging markets. In fact, the t-tests based on the Newey and West (1987) procedure allowing for 6 lags, do not allow us to distinguish the mean premia across small and big stocks in any of the emerging regions, including the All-Emerging region(t-statistics in Table 2 Considering small and big stocks all together, we find a momentum effect for Asia, Latin
America, and the All-Emerging region: WML means are positive and statistically significant.
We do not find a momentum effect for Eastern Europe: WML mean is insignificant. The mean monthly value of WML is 0.93%, and 0.96% for Asia and Latin America; and a negative 0.41% in Eastern Europe.
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The momentum effect is strongly present for the All-Emerging region and the monthly mean WML is 0.86%. Turning to US and Global Developed regions, we report monthly values of 0.55% and 0.63% respectively, with t-statistics of 1.57, and 2.16.
We are interested in comparing the momentum effects separately for small and big stocks.
For Asia, Latin America, and All-Emerging, small stock momentum premia point estimates are larger than big stocks. And while the small stock premia are significant, large stock premia are not. For US and the Global Developed, the same pattern is present: Small stock premia estimates are larger and more significant than big stock premia. In the US, the small stock and big momentum premia are 0.70%, and 0.40%, with t-statistics of 1.81, and 1.17.
Turning to the Global Developed, the small and big stock premia are 0.85%, and 0.42%, and the t-statistics are 2.80, and 1.36. For Eastern Europe, momentum average returns are negative, and more so for small stocks. But either premium is indistinguishable from zero. In short, for emerging markets (except Eastern Europe), US or Global Developed, small stock momentum premia tends to drive the results for the broader market. However, despite larger momentum premia point estimates for small stocks, the t-tests do not allow us to distinguish between small and large stock momentum premia: WML S−B t-statistics are insignificant (except for the Global Developed region).
We are interested in the correlations between the factors in a given region. These correlations are important for an investor who is interested in pursuing market, value, and momentum strategies with a geographical focus. The results are given in For example, the value premia in Asia is 2.12% (1.80%+0.32%) for the smallest size group and 1.39% (1.23%+0.16%) for the biggest. In the All-Emerging region, the value premia are 1.56% (1.87%-0.31%) and 1.58% (1.45%+0.13%) for the smallest and the biggest size groups.
LHS Portfolios formed on Size and B/M or Size and Momentum
5 Return variances are high in emerging markets, making the same result true for Market−R f and SMB (small minus big) factors. In particular, Panel B of Table 4 shows that it is not possible to statistically distinguish between average market return in excess of the US T-bill return across any pair of regions. Moreover, the excess return of small stocks over and above large stocks, SMB, is also indistinguishable across any pair of regions.
6 The only one exception is for Latin America's fourth largest size group.
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The similar value premia result for small and big stocks explain the insignificant t-statistics for HML S−B reported in Particularly striking is the ballpark volatility of the Eastern European portfolios of around 15%, relative to around 5% to 10% for US and 5% to 6% for the Developed Global region. Table 2 . It appears that higher momentum premia is typical for small stocks. For example, in Asia, the momentum premia is 0.86% (1.74%−0.88%) and 0.52% (0.62%−0.10%) for the smallest and biggest size groups.
In Latin America, the momentum premia are 1.41% and 0.04% for the smallest and biggest size groups. In the All-Emerging region, the numbers are 0.50% and 0.40%. The larger momentum premia finding for the small stocks in emerging markets corroborates with the momentum premia results for the developed markets reported in Fama and French (2011) .
7 Fama and French (1993 ), Kothari, Shanken, and Sloan (1995 , and Loughran (1995) find larger value premia for small stocks at least for the US.
8 The only exceptions are the third and the fourth size groups in Latin America. To account for possible autocorrelations and heteroscedasticity, we also report the p-values associated with our GMM based test statistic which we construct to test the same hypothesis.
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Asset Pricing Tests
Size and B/M Cross-Sections
In our GMM procedure, we allow error term autocorrelations up to 6 months. Additionally, we report the average of the absolute values of regression intercepts, the average of the intercept standard errors (calculated using the Newey and West (1987) procedure with 6 lags) as well as the average regression R 2 s. We refer to SR(a) ≡â ′Σ−1â as the unexplained squared Sharpe ratio and report it in Table 7 . Larger values of SR(a) indicate poorer economic performance of the model.
9
GRS statistic rejects all models, CAPM, the three-factor, and the four-factor, when the 9 Gibbons, Ross, and Shanken (1989) show that SR(a) is the difference between the squared Sharpe ratios of the maximum Sharpe ratio portfolio constructed using the LHS and RHS returns together, and the maximum Sharpe ratio portfolio constructed using the RHS returns only. Lewellen, Nagel, and Shanken (2008) suggest using confidence intervals for SR(a) as a more intuitive measure of model performance.
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of the region or whether local, US or Global Developed factors are used. The GRS p-values are always less than 3% percent which simply highlight that the B/M sorted portfolios are a challenge for asset pricing in emerging markets. The rejections are slightly weaker when using the local factors, relative to the US and the Global Developed factors.
From a statistical perspective, the models with local factors perform slightly better than US or Global Developed factors. From an economic perspective however, using the local factors leads to drastically better performance, while still rejected statistically. To understand this result, we can compare, the average absolute value of regression intercepts |a|, regression R 2 s, intercept standard deviations, s(a), and finally the model unexplained squared Sharpe ratios, SR(a), across the models. Using local factors, the average model intercepts are much lower, R 2 s a lot higher, intercept standard deviations a lot lower, and finally SR(a)'s are a lot lower than using US or the Global Developed factors. The intuition for this economic result is the same as the slightly weaker econometric result in the previous paragraph: emerging equity markets lack a degree of integration with the US or Global Developed capital markets. 10 We also find two additional intuitive results: First, that the three-factor model seems to improve the model performance significantly over and above the CAPM as evidenced by 10 Other papers which characterize the lack of complete integration include, Bekaert and Harvey (1995) which proposes a measure of capital market integration using a conditional regime-switching model. The measure is calculated for a total of twelve emerging markets as well as developed markets. The paper finds a reasonable amount of segmentation particulary for emerging markets. The sample period is from 1970 to 1992 for most countries. Chambet and Gibson (2006) focus on emerging markets and explore financial integration though a multivariate GARCH(1,1)-M return generating model and conclude that emerging markets still remain to a large extent segmented. The sample period is from 1995 to 2004. Carrieri, Vihang, and Hogan (2007) explore a somewhat similar specification to assess the evolution of market integration in emerging markets from 1977 to 2000 and conclude that while local risks are still prevalent, none of the emerging markets appear completely segmented. Moreover, they find that emerging markets become more integrated through time, despite some episodic reversals. Bekaert and Harvey (2002, 2003) provide an extensive survey of the emerging markets finance literature, including the literature on integration. Bekaert, Harvey, and Lumsdaine (2002) explores structural breaks in a number of financial and macroeconomic variables in emerging markets, and show that breaks are often dated after the official announcements of financial market reforms. lower intercepts, higher R 2 s, lower intercept standard errors, and finally lower SR(a)'s. And second, for the size and B/M cross-section, the four-factor model does not seem to improve much over and above the three-factor model. The economic performances across the two models are very close. These two points make us conclude that the three-factor model is the best suited model for explaining the size and B/M cross-section. In general, for a given region and a set of RHS factors (local, US or the Global Developed), the GRS statistics for the three-factor model is the lowest which supports the better economic performance of the model.
There is a sizeable literature exploring stock return statistics in emerging markets which document autocorrelation, heteroscedasticity, and predictability characteristics (see for example Harvey, 1995 and Bekaert and Harvey, 1997) . 11 In the light of all of these results, it is useful to consider the results of a GMM based test which is robust to potential serial autocorrelations, heteroscedasticity, and non-normality in the data. The GMM statistic is described in Section 2 and is geared towards testing if all regression intercepts are jointly zero in the regression equations 1, 2, or 3.
Focusing on the GMM based statistic allowing for serial correlations up to 6-months, we continue to reject all models, regardless of the region and regardless of whether local, US or Global Developed factors are used, at the 5% significance level. This finding shows that 11 Harvey (1995) reports that emerging market returns have positive and large monthly autocorrelations, whereas the autocorrelations are much closer to zero in the developed markets. Bekaert and Harvey (1997) study the time variation of volatility in emerging markets. They present the results of GARCH models exploring whether the crosssectional dispersion in volatility is related to a number of macroeconomic and microstructure variables as well as measures related to financial integration. Both papers report GMM results which almost always reject the normality assumption for emerging equity returns. In related work, Bekaert, Erb, Harvey, and Viskanta (1998, a) study the evolution of emerging stock market volatilities and find substantial time variation during the 80s and 90s. Bekaert (1995) provides evidence for emerging market return predictability using variables such as lagged local dividend yield and excess market return using data from 1985 to 1992. Bekaert, Erb, Harvey, and Viskanta (1998, b) explore the implications of non-normal emerging market returns for asset allocation in a portfolio choice model.
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the rejections using the GRS test statistic are robust to relaxing the restrictive assumptions. However, with GMM it is no longer true that the local factor models always lead to weaker rejections than US or Global Developed factors. For example, for the All-Emerging region, the p-value is 5% using US factors, and 2% using local factors. However, moving to US factors from local, the improvements are minor, and certainly does not make up for the great loss of economic performance. While the GMM results presented in this paragraph highlight that the econometric conclusions about relative factor performance can be sensitive to the assumptions that go into the procedure, the economic results strongly favor local factors. Table 8 reports the same set of results as in Table 7 , but for the 25 LHS portfolios formed on the basis of size and momentum. The rejections for the size and momentum sorts are significantly weaker than the rejections for the size and B/M sorts. To see this, recall that for the size and B/M cross-sections all cases are unanimously rejected using the GRS test.
Size and Momentum Cross-Sections
However, as an example, the four-factor model survives when using local factors for Asia and the All-Emerging region at the 5% significance level. The reason is that, almost always, the value effect point estimates are than the momentum effect, for all of the emerging regions: HML means are larger than the WML, except for Latin America, as reported in Table 2 .
The four-factor model seems to perform the best from both econometric and economic perspectives. First, the GRS test statistics are significantly lower for the four-factor model relative to the three-factor model or the CAPM, especially when local factors are used.
Second, the economic measures of performance are almost always better for the four-factor 25 model compared to the CAPM or the three-factor model: Average intercepts are lower, R 2 's are higher, intercept standard errors, s(a)'s, are lower, and finally, unexplained squared Sharpe ratios are lower.
Local factors, appear to outperform, in the economic sense, using US and Global Developed factors, similar to the case of size and B/M LHS portfolio results given in the previous section. All economic measures are almost always appreciably better using local factors.
This finding reinforces the lack of integration between the emerging markets and US or the developed markets. From an econometric perspective, counterintuitively, using US or Global
Developed factors can lead to weaker rejections than using local factors, but the results never translate to a better economic fit.
Turning to the GMM results, which allow for more realistic features of the return data, the tests have a lot less power, and as a consequence many cases pass. In fact, the four-factor model using local factors is not rejected for any of the emerging regions. And often even cases with US or Global Developed factors fail to be rejected. This finding simply highlights that econometric rejections of models can be sensitive to the return assumptions one is willing to make.
Conclusion
Emerging stock markets are clearly a significant part of the world portfolio today and therefore are important to the average investor. Finance literature has discovered important facts about size, value, and momentum effects in US, as well as in the developed equity markets.
Size, value, and momentum effects are a lot less explored for emerging markets. This paper 26 presents results to fill this gap by considering stock returns in four emerging regions: Asia, Latin America, Eastern Europe, as well as the All-Emerging region which is three regions considered all together.
The paper has two main contributions: First, we explore the size patterns in value and momentum returns. Second, we form 25 portfolios based on size and B/M and size and lagged momentum for emerging markets, and use these portfolios as the LHS returns in asset pricing regressions. The asset pricing regressions use the CAPM, the three-factor model, and the four-factor model. We allow the factors to be calculated using local, US or Developed Global stock markets data.
We find a value effect in all four of our emerging regions for the broader markets including small and big stocks together. In all of the four regions, big stock value premia point estimates are slightly larger than small stock value premia and both premia are individually statistically significant. The t-test for the equality of the small and big value premia fails to reject. This size pattern in emerging market value premia, contrasts with results we find for the US or Global Developed markets.
We also find a momentum effect in all four of our emerging regions for the broader markets including small and big stocks, except for Eastern Europe where we find no momentum.
Turning to the size patterns in momentum, small stock momentum premia point estimates are larger than big stock premia. Moreover, small stock momentum premia are individually significant, whereas the big stock premia are not. These results show that emerging market momentum effects are largely driven by small stocks. Momentum effects that decrease with size is a finding consistent with momentum results found for the developed markets.
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The literature for developed markets has highlighted that momentum and value returns are negatively correlated which has implications for long-run portfolio management. We confirm the same finding for emerging markets: An important point since emerging market volatilities are higher and combining negatively correlated value and momentum returns help reduce this volatility.
Turning to the asset pricing tests, models using US or Developed Global factors to explain local returns disappoint. A degree of market segmentation remains which makes the economic performance of local factor models so much better relative to US of Developed Global factors.
We find this result despite a positive trend for integration over the last few decades which the literature documents. The cross-sections based on size and BM are easily rejected even when using local factors. However, for the B/M and momentum sorts, the local four-factor models often fail to reject.
For future research, it would be interesting to see whether liquidity characteristics can shed some light on the emerging value and momentum returns. Some pioneering work has already been done by Lesmond (2005) and but no analysis of the relationship between value and momentum returns with liquidity has been provided. Table 2 . Means, Standard Deviations, and the t-statistics for Explanatory Asset Pricing Factors. The table reports the percent means and standard deviations (Std. Dev.) of the asset pricing factors calculated for the emerging regions, as well as US and the Global Developed region. Emerging regions are Asia, Latin America, Eastern Europe, and finally the All-Emerging region, all three emerging regions together. This paper calculates the emerging region factor returns using stock level data from Datastream, whereas factors for US and the Global Developed region are available from Ken French's website. Countries in each region are given in Section 3 of the paper. All returns are converted into US dollars before forming the portfolios. Market-R f is the return on the value weighted market minus the US one month T-bill rate. SMB is the small minus big factor, HML is the high minus low factor, WML is the momentum factor. S and B stand for small stocks and big stocks: for example HML S is the high minus low factor for small stocks. In addition, HML S−B simply refers to the HML S −HML B . The same definition applies to WML S−B . The factor calculations are detailed in Section 3.1 of the paper. The table also reports the t−statistics (t-stat.) calculated for the means using the Newey and West (1987) procedure allowing up to 6-lags. Data period is from January 1991 to December 2011. Table 3 . Correlations between Market-R f , SMB, HML, and WML Factors in the Same Region: Emerging, US or the Global Developed. The table reports the correlations between the Market-R f , SMB, HML, and WML asset pricing factors in the same emerging region, US or the Global Developed region. Emerging regions are Asia, Latin America, Eastern Europe, and finally the All-Emerging region, all three emerging regions together. This paper calculates the emerging region factor returns using stock level data from Datastream, whereas factors for US and the Global Developed region are available from Ken French's website. Countries in each region are given in Section 3 of the paper. All returns are converted into US dollars before forming the portfolios. Market-R f is the return on the value weighted market minus the US one month T-bill rate. SMB is the small minus big factor, HML is the high minus low factor, WML is the momentum factor. The factor calculations are detailed in Section 3.1 of the paper. Data period is from January 1991 to December 2011. for the CAPM, three-factor, and the four-factor models. LHS is the 25 portfolios formed on Size and lagged momentum in emerging regions, US and the Global Developed region. Emerging regions are Asia, Latin America, Eastern Europe, and finally the All-Emerging region, all three emerging regions together. RHS is the asset pricing factors calculated using local, US or Developed Global stock markets data. GRS and GMM test statistics are described in Section 3. cdf refers to the cumulative distribution function. Figure 1 . Cumulative Factor Returns. The subfigures 1.a to 1.c plot the cumulative returns of the asset pricing factors calculated for the All-Emerging region, US, as well as the Global Developed region. The All-Emerging region consists of Asia, Latin America, and Eastern Europe emerging regions all together. The factors are Market-R f , HML and WML. Market-R f is the return on the value weighted market minus the US one month T-bill rate. HML is the high minus low factor, WML is the momentum factor. We also consider a combination strategy equal-weight in HML and WML: 0.5×(HML+WML). This paper calculates the All-emerging region factor returns using stock level data from Datastream, whereas factors for US and the Global Developed region are available from Ken French's website. Countries in each region are given in Section 3 of the paper. All returns are converted into US dollars before forming the portfolios. The factor calculations are detailed in Section 3.1 of the paper. Data period is from January 1991 to December 2011. 
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